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Abstract

Range measurements to objects in the world relative to mobile
platforms such as ground or air vehicles are critical for visually
aided navigation and obstacle detection/avoidance. This paper
presents an approach that consists of a synergistic combination
of two types of passive ranging methods: binocular stereo and
motion stereo. We show a new way to model the errors in bino-
cular and motion stereo in conjunction with ‘an inertial naviga-
tion system and derive the appropriate Kalman filter to refine the
estimates from these two stereo ranging techniques. We present
results using laboratory images that show that refined estimates
can be optimally combined to give range values which are more
accurate than any one of the individual estimates from binocular
and motion stereo. By incorporating a blending filter, the ap-
proach has the potential of providing accurate, dense range
measurements for all the pixels in the field of view.

1. INTRODUCTION

Range measurements to objects in the world relative
to mobile platforms such as ground or air vehicles are
critical for visually aided navigation and obstacle
detection/avoidance. Active (laser) range sensors can be
used to provide such range measurements although they
have a limited field of view, suffer from slow data
acquisition, and are expensive. Robust passive ranging
techniques can be suitable alternative. The passive visual
cues of binocular and motion stereo have been the two
most popular methods for range estimation. A plethora of
algorithms have been proposed to estimate three-
dimensional (3D) structure or motion or both, using these
two cues individually, but few have been demonstrated to
be robust enough for real-world applications such as auto-
nomous mobile robots operating in outdoor scenarios.
Some of the real-world factors, such as vibration of the
platform on which the cameras are mounted or the wind
speed, may prove to be catastrophic to the ranging tech-
niques, such as determination of motion parameters in
order to compute range. Incorporation of hardware which
can compute stable values of motion parameters under
harsh operating conditions, will greatly improve the per-
formance of any motion analysis technique necessary for
motion stereo-based ranging. Inertial Navigation System
(INS) is one such hardware which is used in many types
of land and air vehicles.

 The objective of this research is to develop an INS-
integrated passive ranging system that utilizes the benefits
of binocular and motion stereo. This system is based on
the synergistic combination of the two stereo modalities
which is achieved by the following sequence of opera-
tions: interest point matching, Kalman filtering, and range
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measurement blending. The important benefits of the pro-
posed synergistic system are,

e The system is cheap to build (compared to active sen-
SOrs).

o It is passive (i.e., non-detectable, covert).

e A more dense and more accurate range map is gen-

erated than is possible by either passive technique
alone which is necessary for obstacle avoidance.

e Negligible motion distortion is caused by the moving
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platform (i.e., fast data acquisition).

Previous efforts in the derivation of approaches for the
synergistic combination of binocular and motion stereo
ranging have placed restraints on the problem
specification to reduce the complexity of the analysis. To
date, no demonstration of a totally general, comprehensive
characterization of the ranging problem for multiple bino-
cular stereo frames has been derived.

The emphasis of this paper is on modeling the errors
in binocular and motion stereo in conjunction with an INS
for a real-world application of the passive ranging system,
and deriving the appropriate Kalman filter to refine the
estimates from these two stereo ranging techniques. Our
particular approach is designed to allow empirical evalua-
tion of the performance and robustness of the passive
ranging system for various scenarios. The next section
describes in greater detail the background and motivation
behind the work reported in this paper. Section 3
presents the technical approach adopted in designing the
synergistic system. Section 4 discusses results obtained
during an empirical evaluation of the performance of the
system with the laboratory data and simulated Inertial
Reference Unit data. The last section presents the con-
cluding remarks.

2. BACKGROUND AND MOTIVATION

In this section we summarize the past research related
to the work reported in this paper, and the motivations
that lead to the development of the approach described in
the following section.

2.1 Background

Features from stereo pairs of images can be matched
over time to obtain better accuracy for disparity-based
range calculations. Sridhar and Suorsa® describe recursive
binocular and motion stereo algorithms and compare their
performances. However, the confidence factors for each
of the range measurements which form the basis of such



comparison are obtained by considering only the errors in
image locations of matched feature points. The uncer-
tainty models of their passive ranging techniques are
therefore inadequate for a real-world imaging system such
as a mobile platform. Several researchers have used Kal-
man filtering method to estimate range from binocular
stereo images* and motion sequences.’

2.2 Motivation

A synergistic combination of binocular and motion
stereo is motivated by the following observations about
their relative performance as illustrated in Figure 1: bino-
cular stereo-based range computations suffer the greatest
error at the edges of the camera’s field of view (FOV)
where motion stereo-based range is most accurate; the
converse scenario holds true in the vicinity of the focus of
expansion (FOE) where motion stereo-based range error is
very large and binocular stereo-based range error is very
small. Thus, a passive ranging system which employs
only one of these two methods of range computation, is
likely to perform poorly even with the most robust
method. On the other hand, a passive ranging system
which can successfully employ both, has the advantage of
retaining only the best range estimate of a scene point
from one of the methods determined by the location of
the point in the FOV. This may mean that the visual field
can be appropriately segmented to be processed by either
binocular stereo or motion stereo, thereby reducing the
computational burden. Alternately, range values for dis-
tinct points in the visual field can be computed from both
binocular and motion stereo and be refined using the
statistics of their uncertainties. The refined range esti-
mates for each point can be statistically combined to yield
a more precise range value.

An INS includes an Inertial Reference Unit (IRU) and
all necessary hardware for stabilizing and processing the
IRU outputs to derive values for the position and velocity
(of whatever platform to which INS is attached) in a
desired reference frame.3 IRU measurements are made
with gyroscopes, to provide an absolute measure of the
rotation difference between the vehicle's coordinate frame
and a fixed, geographic, reference frame; such measure-
ments are also made with accelerometers, to provide the
vehicle’s acceleration relative to the reference frame, time
integral of which gives the vehicle’s velocity and position.
Access to camera’s translational and rotational motion
information is significantly important. Without this infor-
mation a motion-based ranging method will be required to
explicitly derive the motion parameters before any range
value can be computed. The estimation of motion param-
eters using currently available techniques is extremely
noise sensitive.2 A’ synergistic combination model for
binocular and motion stereo must also include the INS-
based variables in addition to the sensory parameters so as
to predict and refine the complete error model for the
ranging system whose parameters are drawn from both the
imaging sensors and the INS. Such considerations make
the synergistic combination very effective as will be dis-
cussed in the next section.

3. INTEGRATED APPROACH

With a two camera system in motion, a stereo ranging
system is formed which is capable of binocular sterec and
motion stereo range computations. In the case of binocu-
lar stereo two cameras are rigidly mounted on the same
fixture such that their optical axes are parallel and yet
laterally displaced by a fixed, known distance; the
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cameras are longitudinally displaced, due to forward vehi-
cle motion, for motion stereo. On a moving platform, the
same two cameras can provide the imagery required to
perform one binocular and two motion stereo range calcu-
lations.

Our integrated stereo system shown in Figure 2 uses
two key elements which constitute the unique features of
our approach:

(1) matching of interesting points in binocular stereo
and motion stereo imagery,
(2) modeling of range errors present in the motion and

binocular stereo techniques. These errors are
represented as the states of a Kalman filter applied
to obtain improved estimates of range values.

The coincident points of interest, i.e., those points for
which range is computed by both motion and binocular
stereo techniques, are used as measurements to estimate
errors in the ranging processes. The points in the range
maps which are not coincident can be corrected with
these error estimates, improving the overall quality of the
composite range map. This can be achieved with the use
of a blending filter as shown Figure 3. This filter derives
a composite range map for each measurement location as
the weighted average of the Kalman filter estimates for
the range, where the averaging weights are the current
estimates of the measurement noise obtained from each
filter. The confidence in each range measurement is
inversely proportional to the estimate of the measurement
noise, so that when the measurement noise for the binocu-
lar stereo algorithm is large, the estimate obtained from
the motion stereo Kalman filter is weighted more heavily
and vice versa.

3.1 Range Error Modeling

The disagreement between the calculated ranges from
the motion and binocular stereo algorithms for the coin-
cident points of interest is attributed to the errors in iner-
tial data and geometric alignment of the cameras. The
computed discrepancies in the range values are used by a
Kalman filter to refine the estimates for the errors in the
inertial and system configuration parameters. New esti-
mates could be obtained by adding the updated estimates
for the errors to the expected system variable magnitudes.
The refined estimates could then be used to calculate
improved binocular and motion stereo ranges. Alterna-
tively, the H-matrices for each coincident interesting point
could be derived from the dependence of errors for bino-
cular and motion range calculations on errors in the iner-
tial and system configuration data, and the output ranges
for these algorithms could be corrected by linear combi-
nation of the error states of the Kalman filter. The latter
is done in the current implementation of the passive rang-
ing system.

The measurement for the filter’s binocular stereo com-
ponent is the difference of the ranges from binocular and
motion stereo; the filter’s motion stereo measurement is
negative of the filter's binocular stereo measurement.
Using the static Gauss-Markov discrete time model, the
measurement process is described as follows:

ymj(k)-ij_st-me"'Vm (0}

(2)

where y, ; (k) is the measurement for the motion stereo
component of the Kalman filter for the j'th feature point

Ysj (k)-R,j—R,,,_,--Hx, + Vs,
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location at time k and y,; (k) is that for the binocular
stereo component; R, ; is the estimate of the range
corresponding to the j ‘th feature point from the motion
stereo algorithm and R, ; is that from the binocular stereo
algorithm; x,, is the error state vector for the motion
stereo Kalman filter and x, is that for the binocular stereo
Kalman filter; v,, is measurement noise for the motion
stereo Kalman filter that is large near FOE and small near
periphery and E {v, T v, } = oy% and v, is measure-
ment noise for the binocular stereo Kalman filter that is
small_near FOE and large mnear periphery and
E{v.Tv, } =02

As stated previously, the binocular stereo and motion
stereo range errors are linear combinations of the Kalman

filter error states. This linear combination can be
expressed as:

BR, = Hi OR,, = HZ

where H is the measurement matrix defined by the total
differential of binocular stereo range and the total
differential of motion stereo range, respectively, and £ is
the estimated error state vector.

The total differential of motion stereo range is:

and

oo R R R Ry
f-ay’y+az’z+8y y+az 2 +
o", R Ry
df ov,, fovn + dfov, fov, + oF *
Ry aaw + D aner o+ IR ang 4
g AV Sae ang 240
3R, oR, oR,
o, dvy + -av—vdvy + a—vz'dvz . 3

where (y’z")t = pixel location of an interest point in the
left frame of a motion stereo pair of images that is
acquired at time ¢;,4; (y.2) = pixel location of the interest
point in the left frame of a motion stereo pair of images
that is acquired at time # and matches (y’,z’); fov, =
camera vertical field-of-view; fov, = camera horizontal
field-of-view; Ay’ = change in yaw angle that occurred in
the time interval #;,,—1;; A0’ = change in pitch angle that
occurred in the time interval #;,,~t;; A¢’ = change in roll
angle that occurred in the time interval 4;,,—;; (v;.v,.v,)
= the velocity of the camera; and F = the focal plane to
lens center distance.

The total differential of binocular stereo range is:
oR; dR, oR; oR;

dR; = ——dy, + ——dz; + =——
7= 9y, s 0z, “ dy, dyr + 0z,
3R,

dR
—f‘dA\v + EdAe +

JAy

dz, +

dR,
=——dfov, +

®
o, ———dfov, +

df ov,
dR, dAb + oR, dF oR; p 2)
¢ oF &t g 4 (
where (y;,z;) = pixel location of an interest point in the
left frame of a binocular stereo pair of images acquired at
time f;; (y,.z,) = pixel location of an interest point in the

1 Using a right-handed coordinate system, where x-axis is parallel
to the forward direction of travel, y-axis points rightward and z-axis
points down. Image coordinates will be denoted by (u,v).
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right frame of a binocular stereo pair of images acquired
at time 4 and matches (y;.z;); Ay = the boresight yaw
angle; AO = the boresight pitch angle; A¢ = the boresight
roll angle; and @ = camera separation distance.

In the above, we have given only the functional form
of range errors. The complete equations for partial
derivatives are quite complicated and for clarity we have
not presented them here. We have also derived the func-
tional relationships between the variance of range error
and the location of an interest point in the field of view.
Further details of these steps may be found elsewhere.!

An approximation to the range calculation error for
the case of motion stereo range computations is,!0

ARy (upva)

Ouava) = 00, e
+u; vy

where Op,, = an initial estimate of the range calculation

error due to the error in the motion stereo point matching
algorithm; ARy, (u4,v4) = is the computed error in range
for the world point whose projection onto the image plane
is described in three space by (F,u4,v4); and F = is the
distance between the lens center and the image plane.
Likewise, an approximation to the range calculation

error for the case of binocular stereo range computations
is,

5)

ARgs(up vy)

RGN s
Up+vy

The variances of the measurement noises v, and v, of
(1) and (2) are calculated using these approximations.

In computing range with either the motion stereo or
binocular stereo techniques, all range measurements are
made relative to the first of a temporal pair of images
(i.e., A of A and B images) and the left image of a stereo
pair, as shown in Figure 4. Hence the subscripts A and L
are used for the variables that describe points in three
space on the image plane. In our implementation, the A
and L images are the same image.

(O]

3.2 Kalman Filter Implementation

The twenty-nine error states summarized in Table 1
are mechanized in the Kalman filter. The first seven
statesS are based on the level axis "PSI-Angle" IRU error
model:

Y=+ x y-Coo 0
5V =CBA® —yx ALGR-RIRYRIR) +8g’  (8)
SR =8V -px BR ©

where y = Psi-angle error (states 1, 2, and 3); 8V = Psi-
angle horizontal velocity error (states 4 and 5); OR = Psi-
angle horizontal position error (states 6 and 7); é’ = local
level transport rotation rate (V/R); Q = Earth rate in local
level coordinate frame; C = Body to Local Level Direc-
tion Cosine Transformation Matrix; d® = Gyro error
states (states 25, 26, 27); dA? = Accelerometer error
states (states 28 and 29); AL = Local level acceleration;
®, = Shuler frequency (0.00125 rps); R/R = unit vector;
and 8g’ = gravity deflection and anomaly errors.

The vertical error states (8, 9, 10) assume an IRU

vertical channel damped with a reference altitude from a
radar altimeter. The error model implemented in the
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Kalman filter can be expressed as
Xgm —xg, Xgm KXo+ 10, o= Xo4 + Koxg = K3xg, (10)

where K, K, K3, are the vertical channel gains. These
gains were selected as 0.6, 0.15, and 0.0156, respectively.
The remaining error states are modeled as Gauss-Markov
processes with large time constants:
R SN n 11)

T
where m is a white noise process and <t is the time con-

stant. The large time constants effectively model the
eITOor sources as constants.

4. IMPLEMENTATION AND RESULTS

In this section, we present details of implementing the
synergistic combination of binocular and motion stereo.

4.1 Implementation Details

For the purposes of efficiency, only one Kalman filter
is used by the integrated system by stacking the binocular
and motion stereo measurements into a single 2Nxl
column vector, where N is the number of feature points
matched by both algorithms for a specific image. The H-
matrix is obtained by stacking the total differential of
binocular stereo range and the total differential of motion
stereo range into a single 2Nx28 matrix, where 28 is the
g;lmber of states of the integrated system for Kalman

ter.

IRU errors are simulated by running an off-line IRU
error simulation and adding the errors onto our nominal
motion. The simulation used is a monte-carlo simulation
of the IRU error equations. The attitude of all experi-
ments is chosen to be level and in a northerly direction
cruise at 15 ft/sec. For this cruise scenario, IRU errors
are essentially a function of time. Therefore, to formulate
IRU errors for our two integrated system stereo cases, the
true trajectory is subtracted from the simulated data. The
resultant error data is then added to the integrated system
trajectory to simulate corrupted IRU data.

The following are the selected camera parameters:
horizontal field of view, hfov = 0.754160 rad; vertical
field of view, vfov = 0313147 rad; focal length, F =
0.041 ft; baseline, a = 2 ft.

4.2 Experimental Results

Five frames (each 512x512 pixels) of video data were
collected in the laboratory at 2 foot intervals. An exam-
ple of the experimental data is shown in Figure 5. To
simulate motion for the motion stereo algorithm, we chose
two velocities, 2 ft/sec and 20 ft/sec. From these five
frames, the interest points which have the highest promise
of repeated extraction throughout multiple frames are
extracted usin[i a combination of the Hessian and Lapla-
cian operators.® The binocular stereo ranges are calculated
to various points using the well-known Marr-Pogio-
Grimson algorithm, 3

To aid the process of interest point matching, each
vector, (F.y;,z;) corresponding to the j’th interest point
in the frame m+1, is derotated so that the image plane
m+1 (sequence m+1) appears to be paralle! to image
plane m (sequence m). The processing of frame m con-
sists of the following steps: the left and right binocular
stereo images (L,, and R,) are matched; the left image
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frames L,, and L, ,, are matched by motion analysis. The
matching of interest points is performed in two passes.
The goal of the first pass is to identify and store the top
three candidate matches for each interest point in frame
m+1. The second pass looks for multiple interest points
being matched to a single point in frame m. The range
computations are further improved (for three or more
sequential frames) by predicting and smoothing the range
to each interest point that can be tracked through multiple
frames.

The output binocular stereo and motion stereo range
files, and simulated IRU data files are read into the Kal-
man filter software. The filter software runs a range
matching algorithm to detect coincident range points. For
each coincident point the corresponding H-matrix and
filter measurements are calculated and processed by the
filter.

Results from processing "Frame 1" of the sequence
with the Kalman filter are shown in Table 2. The results
of Table 2 are simulated with IRU noise and a 1 Hz video
frame iteration rate. Ground truth measurements for the
12 matched feature point locations of "Frame 1" are
presented in Table 3. The center of the image plane is
the origin of the pixel coordinates; (y;.z;) in the left
image matches (y,.z,) in the right image of "Frame i",
while (y;2}) in the left image of "Frame i+1" matches
(yl V2] ).

As shown in Table 2, the corrections added to the
binocular stereo range and motion stereo range tend to
converge the solutions to a common point as expected,
ie., the comected range values are in the direction
(increasing or decreasing) as that of the ground truth
values with respect to the raw range values. In general
this behavior can be observed in the results for measure-
ments 1 through 12. There are some exceptions (meas-
urement 8 and 10) which could possibly be due to the
measurement weighting. Since the results are for only a
pair of frames, the actual convergence of the corrected
range values cannot be seen.

Table 4 contains results from processing the first and
second "frames" for the 20 ft/sec velocity case (10 Hz
video frame iteration rate). Results for "Frame 1" pro-
cessing are good; the revised range estimates for the bino-
cular and motion stereo ranging algorithms are converging
to a unique value with the exception of measurements 4
and 9. Ground truth measurements for the 13 matched
feature point locations of "Frame 1" and the 13 matched
feature point locations of "Frame 2" are presented in
Table 5. It is to be noted that the same scene points
matched in "Frame 1" will not necessarily appear in the
results of processing "Frame 2." Therefore, the ground
truth range values of the corresponding measurements
between "Frame 1" and "Frame 2" in Table 5 are not for
the same scene point.

5. CONCLUSIONS

We presented the basic concept and results of our binocu-
lar and motion stereo synergistic system. These results
demonstrate that it is possible to effectively combine
binocular and stereo range measurements by incorporating
an inertial navigational sensor. The approach has the
potential of integrating the two techniques using a blend-
ing filter, thus providing accurate range value for any the
gixel in the field of view. We plan to do this in the
uture.
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Table I: Error states used in Kalman filtering.

Error
State Description

IRU psi 1 angle error
IRU psi 2 angle ertor
TRU pei 3 angle error
IRU x velocity error

12 Vertical FOV emor (fov,)

Camera focal plane © lens center distance (F)

yp left camera Y opeical axis offset ervor

2y left camera Z optical axis offset eror

7, right camera Y optical axis offset error

2, ight camera Z opical axis offses error

Camera yaw angie boresight error

Camera pixch angje boresight error
Camera roll angle boresight error

Camera separation diswnce (a)

{ left camera Y optical axis offset error (past frasne)
1 left camera Z opeical axis offses error (pas frame)
Z acceleromeser bias

X gyvo bias emror

Y gyro bias exror

Z gyro bias error

BRNRUREREREBSRIEGEG
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Figure 5: Laboratory image database. (2) Frame 1 image obtained from left camera of stereo pair. (b) Frame 1 image
obtained from right camera of stereo pair. (¢) Frame 2 image obtained from left camera of stereo pair.

Table 2: Kalman filter-compound range errors for 1 Hz

processing rate (2 ft/sec velocity).

(b)

©

Time = 03 sec (Frame 2)

15395482 | 15375104 | -2.823521 -1.199930 18219004 | 16.575033
15055490 | 18953318 { -3251050 =3.732748 18306541 | 22.686066

1
2
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6 15913729 | 21540310 -3378M 202868 | 19350700 | 18617401
7 16092087 | 1776072 1714687 | 2406360 - | 1780672 | 1534422
s 16151932 | 1447n107| 2965745 | 2350610 | 19.17%678 | 12120497
9 21183895 | 22302511 2363853 | 2367056 1:51““&-‘1 19935455
10 1535275 | 1| -3013a2 1480840 | 18371 13057312 .
u wisne1 | 2021m63| aos1987 | 1cooes | 18085033 | 18614315 Table 5: Ground truth measurements for 10 Hz processing
12 15797988 | 21.45ma7| 16191 1590049 | 17471146 | 19863297
rate.
. 3 Time = 0.2 sec (Frame 1)
Table 3: Ground truth measurements for 1 Hz processing kit
. ” Y ” % n 3 2
rate. Messurement | (pixels) | (pixeis) | (pixels) | (pixel) | (plsels) | (pixels) @
Time = 1.0 sec (Frame 1) 1 -152 59 -182 -53 - =51 139764
". ", o x 2 -52 12 -131 114 46 m 18.8474
ye n » 3 -7 -0 r EN 38 43 | 122m
Messurement (pixele) (pixaie) (pheeis) (pixeis) (pixeis) (pixels) ) 4 13 0 93 13 -1 7 1227120
5 -12 u3 -83 106 -5 104 19.1300
1 -2 -39 -182 -53 ~128 51 13.9764 6 41 68 58 57 37 () 19.2826
2 =2 12z | - 14 -5 m | s 7 “ 02 39 189 “ 14 | 202861
3 “1 -50 e 38 -3 -3 12229 -
[ 2 51 o -9 2 3 | 1800
N -2 m e 106 2 104 | 19130
9 9s 167 0 49 2 144 | 140358
H 41 63 -58 57 k2] 60 192826 10 24 -is s -2 13 -12
6 ] 02 » 19 “ | 2026 1 157 152 r 3 134 138 | 142818
: ;15 ;:_: : ;: : -53 18.0941 12 170 -2 8t -1 153 -5 | 204257
W | o -
9 2 | s st H nm | Bos 13 10 | -6 n g 154 12| 214008
10 157 152 “ 3 13 138 | s
1 1 pry n - 158 - | 225
12 L] -16 n - 15 -12 | 214648 Time = 03 sec (Frame 2)
1 18 2% an 2 137 a1 | 1sse01
2 -85 -7 -161 3 -6 3 | 2008
Table 4: Kalman filter-compound range errors for 10 Hz 3 e B A 2 = > |z
. . ‘. - ] -us -
processing rate (20 ft/sec velocity). s » | s -1 © 7 0 | 1645
6 ] -19 3 < % -3 | 17ms
7 103 - s -6 2 <1 | s
Time = 0.2 sec (Frame 1) 8 12 -3 a -3 us 3 | nnsy
9 143 %6 3 60 126 “
Raw Raw | Kaimsn Fiiter | Kaimen Fiter | Corrected | Corvected 10 143 138 “© 128 126 126 | 154138
Sissculer | Meticn Bisoculer Motisa Bisocuiar | Motion n m 168 » 158 150 152 | 159483
Mensurement Range Range Erver Error 12 204 -S0 9% =35 U1} 40 179549
tow | Rep 13 207 50 ts 2 185 o | 19190
1 2470947 | 12900199 | 96129 | -1.099180 | 13853668 | 14079339 i
2 15250125 | 19459459 | 2733061 | 0434156 | 17983187 | 19.02533
3 2286278 | 10957357 | . sgeusse - | 2925393 | 1742441 | 13362750
4 1592381 | 14836188 | -19sens | 4sas;t | 1787599 | 19368689
s 1771070 | 2263815 | 161963 | 2354116 | 19382732 | 19909698
6 13850588 | 21918085 | 3384577 | oswoen | 1723515 | 12217064
7 15979 | nsamsws | -x46s110 | easreas | 19430438 | 153541008
s 16092087 | 18314566 | -1gsvess | o32m0s | 1775197 | 1798642
9 16151932 | 14771038 | 302624 | 21689 | 19178136 | 12.602087
10 2118395 | 230698 | 2690561 1348993 | 18503334 | 21495708
1 15358275 | 14761926 | -30s16 | 02346712 | 18409991 | 14527233
12 16302 | 205057 0180036 | 0792287 | 17986584 | 1977969
13 15797985 | 21a4696 | <1603 | omoom | 174m1528 | 2100461
65
il 1 T



